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Abstract: The present paper aims to develop the Kuhn-Tucker and Fritz John cri-
teria for saddle point optimality of interval-valued nonlinear programming pro-
blem. To achieve the study objective, we have proposed the definition of
minimizer and maximizer of an interval-valued non-linear programming problem.
Also, we have introduced the interval-valued Fritz-John and Kuhn Tucker saddle
point problems. After that, we have established both the necessary and sufficient
optimality conditions of an interval-valued non-linear minimization problem.
Next, we have shown that both the saddle point conditions (Fritz-John and
Kuhn-Tucker) are sufficient without any convexity requirements. Then with the
convexity requirements, we have established that these saddle point optimality
criteria are the necessary conditions for optimality of an interval-valued non-linear
programming with real-valued constraints. Here, all the results are derived with
the help of interval order relations. Finally, we illustrate all the results with the
help of a numerical example.

Keywords: Convexity of interval valued function; extended Fritz-John theorem;
Interval order relation; Karlin’s constraint; saddle point optimality

1 Introduction

The optimality conditions of a constrained nonlinear programming problem with differentiability
(especially, Karush-Kuhn-Tucker conditions) and without differentiability (Kuhn-Tucker and Fritz John
optimality criteria) play important roles in the area of nonlinear programming. A few decades ago, these
familiar results of optimization had been developed in the crisp environment. However, because of the
fluctuation and the randomness of the parameters of a real-life decision-making problem, it has become a
difficult task for the decision-makers to develop the optimality conditions of such decision-making
problems, including optimization problems in which most of the parameters are imprecise. Thus, the
study of optimality with or without differentiability of an imprecise optimization problem is an important
research topic.
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Depending upon the nature of different parameters of a real-life optimization problem, the following
types are categorized

e Crisp optimization problem

e Fuzzy optimization problem

e Stochastic optimization problem
e Interval optimization problem

In a crisp optimization problem, the objective function and all the constraints are deterministic. The
generalized form of a crisp optimization problem is

Find X(€ X) if it exists such that

f(x) = minf (x),

xeX
where X = {x:xe T, g(x)<0,i=1,2,...,m}
andf,g;: T(CR") = R

The equivalent saddle point problem of the above-mention minimization problem is
Findx* €T, s* = (s,’; k=12, ...,l) e R, sp >0,
if exist such that y(x*,s) < y(x*,s*) < Y(x,s*), s=(sp:k=1,2,....0) R, 5 >0, VxeT

where ¥(x,s) = f(x) + i skgr(x) andf, g : T(CR") — R.
k=1

Here, the point (x*,s*) satisfying the above inequality is called the saddle point of /(x,s). Using this
saddle point criterion or differentiability assumption, several researchers established optimality criteria of
a nonlinear optimization problem. In this area, Karush [1] derived optimality conditions of constrained
nonlinear programming. A few years later, the same conditions were developed independently by Kuhn
and Tucker [2]. From that time onwards, these conditions were as familiar as KKT conditions. However,
a few years ago, using inequality constraint qualifications and saddle point criteria, John [3] developed
the same in a different approach before Kuhn and Tucker.

In a fuzzy optimization problem, the objective function f'(x) and all the constraints g;(x) are considered
either as fuzzy sets or fuzzy numbers and the inequality of the condition of saddle points is not an ordinary
sign—it depends upon the ordering of fuzzy numbers. In this area, Bellman and Zadeh [4] first introduced the
concept of fuzzy in the decision-making problem. Then, Delgado et al. [5] proposed the advancement of
fuzzy optimization. On the other hand, Wu [6] introduced the saddle point optimality criteria of the fuzzy
optimization problem. After that, Gong and Li [7] derived the same in the fuzzy optimization problem.
Recently, Li et al. [8] and Bao and Bai [9] made their significant contributions to fuzzy nonlinear
programming. In a stochastic optimization problem, the objective function f(x)and all the constraints
gi(x) are taken as random variables with proper probability density functions and the inequality sign in
the definition of the saddle point is dependent on the nature of random variables. Here, a number of
researchers, including Nemirovski et al. [10] Chen et al. [11,12], Bedi et al. [13], Nemirovski and
Rubinstein [14], and others contributed their works in non-linear stochastic programming.

Alternatively, if the parameters involved in a nonlinear programming problem are in interval form, then
the objective function or constraints or both of the corresponding nonlinear programming problems are in
interval form. Thus, a nonlinear programming problem in an interval environment is of the form:

Find x € X, if exists, such that

) = [f@7®)] = (6).£) = min[£(x), 7()] = mintf(x).5()),
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where X = {x:x € T, gi(x) = (gre(x), 2 (%))<™(0,0), k= 1,2, o1},
f, gk are interval — valued function defined on 7(C R")

and f., gx andf;, gi- are centre and radius of f and g;, respectively.
And the equivalent saddle point problem is

Findx € T,s" = (s; :k=1,2,...,1) e R/, 5} >0,

if exist, such that
Y (o, 8) <My (x*, s*) <M (x,57), s = (sp ck=1,2,...,]) eR s >0,Vx €T

where (x, ) = (. (x,5), ¥ (x,5)) = <fc(x) n kz 5180 i) + kz skgkr<x>>.

The inequality <™" involved in the above-mentioned problem is not the usual inequality sign. This
inequality is dependent on an interval order relation. In this area, Wu [15] derived the KKT conditions of
interval-valued non-linear programming problems. In his work, he introduced two different optimization
techniques with the help of Ishibuchi and Tanaka [16] partial interval order relations. Recently, Rahman
et al. [17] established the optimality conditions of nonlinear interval-valued programming using Bhunia
and Samanta’s [18] interval ranking. However, no one has derived the Saddle point optimality criteria for
an interval-valued non-linear programming problem till now.

2 Research Gap and Contribution

In the existing literature, several researchers contributed their works on interval analysis (especially,
interval ordering). Among them, Bhunia and Samanta [18] proposed a complete interval order relation.
There are lots of applications of Bhunia and Samanta [18] order relation in the area of inventory
management. Among those, the works of Shaikh and Bhunia [19], Shaikh et al. [20], Rahman et al.
[21,22], ... etc. are worth-mentioning. The above-mentioned works are the application of interval
analyses in inventory control. To the best of our knowledge, no one can apply the interval technique in
the other part of the optimization and operations research. The major of parameters of the real-life
problems, especially optimization problems are imprecise due to uncertainty. Currently, the development
of optimization theory in imprecise environments (Fuzzy, Stochastic, and Interval) has become a popular
research topic. Hence, this topic has opened a new horizon in the world of mathematics. In this work, for
the first time, the saddle point optimality criteria (like Extended Kuhn Tucker and Fritz-John) of interval-
valued non-linear programming problems have been established.

This work is enhanced by introducing the concepts of interval order relations in derivative-free
optimization. With the help of Bhunia and Samanta’s [18] interval ranking, the definitions of the
minimizer, maximizer, and some beautiful concepts of interval non-linear programming have been
proposed. With these concepts, the Interval Fritz-John Saddle point problem and Interval Kuhn-Tucker
Saddle point problem are defined. After that, the necessary and sufficient optimality criteria of those
problems are derived. Finally, using these saddle optimality criteria, the optimality conditions of a non-
linear programming problem have been established. These are the contributions of this work.

3 Some Basic Definitions and Results

In this section, we have mentioned Bhunia and Samanta’s [ 18] interval order relations. Then, using these
definitions of order relations, we have brought into the definitions of convexity, minimizer of an interval-
valued function, and some simple results.
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3.1 Interval Order Relations
The definitions of Bhunia and Samanta’s [18] ordering, >™™ and <™ between two intervals in /(R)
for both maximization and minimization problem are given below.
where, I(R) = {[a,a] : a,a € Rand a < a}
Definition 1. Let C = [c,¢] = (c.,¢,), B=D = [d,d| = (d.,d,)€ I(R).
c. > d,, if c. # d.

crgdr,ifcc:dcandc> D < C>™D & C#D

Then, C >™* D & {
Definition 2.
c. <d., if c. #d.

min <min
o <d ifc—q WC<"DSCSMDECED

CgminD@{

3.2 Minimizer and Convexity of an Interval-valued Function
Let TCR'" and G:T—I(R) be an interval valued function defined by
Gx) = [g(x),2(x)| = (g(x), (),
g(x) +g(x) gx) —g(x)
where g.(x) = — g (x) = —
Definition 3. A point x* € T is the local minimizer of the interval valued function G(x) if
3 a 6 > Osuch that [g(x*),g(x*)} < min {g(x),g(x)], Vx € B(x*,0)NT,

where B(x*, 0) is an open ball whose center is at x* and radius 9.

Definition 4. A point x* € T is a global minimizer of G(x) if
[2(). 2| <™ [g(), 2(x)| ¥ e T

Proposition 1. The pointx* € T is a local minimizer of G(x) iff
x*is local minimizer of g, (x), when g. (x) # constant
x*is local minimizer of g, (x), when g. (x) = constant
Proof. The proof is immediately followed from the definition of interval ordering.
Definition 5. The interval-valued function G is said to be c-r convex over a convex subset 7' if
G (Jx; + (1 — A)xz) < ™A G(x1) + (1 — 4) G(xz) for each 4 € (0,1) and Vx;,x; € T.
Proposition 2. Let 7C R" be convex set and G be an interval valued function of the form
G(x) = (g.(x),g-(x)). If g. and g, are convex, then G(x) is c-r convex.
Proof. The proof follows from the definition of c-r convex and the <™ order relation.

Lemma 1. Let 4 = [a,a] = (ac,a,), B = [b,b] = (be,b,) and C = [¢,¢] = (cc, ;) € I(R).

a. <b. <c.ifa. # b, # c.
a. < b. and b, < ¢, if a. # b. = ¢,
a, < b, and b, < c.if a. = b. # ¢,
argbrgcrif ac:bC:cC

Then, 4 <™n B <minC jff

Proof. The proof of this Lemma follows from the definitions of interval order relations.
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4 The Interval-Valued Minimization and Saddle Point Problems

Here, we have introduced Interval-valued Minimization Problem (IMP), local interval-valued
minimization problem, and interval-valued saddle points (Fritz-John and Kuhn-Tucker) problems
respectively. Then, we have established the relation between their solutions.

Let 7T CR"and f g;: T — I(R) is the interval-valued functions of the form:
F) = [f(0), 7] = (), ()

Gi(x) = [, B(3)] = (&re(x), gur)s k= 1,200

4.1 The Interval-Valued Minimization Problem (IMP)
(IMP)
Find x € X, if exists, such that
F(') = {fo(x").£;(x")) = min F(x) = min (7.(x), f,(x)),
where X = {x x €T, gi(x) = (gre(x), @i (x)) <™1(0,0), k = 1,2, ...,l}
The set X is called the feasible region, x* is the solution and F'(x*) is the minimum of the problem IMP.

4.2 The Local Interval-Valued Minimization Problem (LIMP)
(LIMP)

Find x*inX, such that there exists some open ball B(x",0)centre at x* with radious 6 > 0
X € B(x*, 0)NX = F(x*) <™F(x)

4.3 The Interval-Valued Frit; John Saddle-Point Problem (IFJSP)
(IFJSP)
Findx* €T, r, e R, r = (r,’: k=1,2,... l) e R, r,
If exist, such that

n(x,ro,r)<mm (x,ro,r)<mi” (x,ro,r) r=0:k=12,..,)eR 1, >0,VxecT
where

”kZOa

/
TC(X,}"O,}"): <7‘cc(x,r0,r),7tr(x,r0,r _ro + I"ka
k=1

!
= <f’afc(x) Zrk Zie (X), rofy (x) + Z”k g ( >

k=1

4.4 The Interval-Valued Kuhn-Tucker Saddle-Point Problem (IKTSP)
(IKTSP)
Findx* € T, s* = (s} : k= 1,2,....]) e R, 57 > 0,
if exist, such that

P(x*,s) < Mimy(xt, g*) <min Y(x,s*),s= (s k=1,2,...) R 5, >0, VxeT
/ / /
where (x,5) = (b, (551, 5.9) = F03) + 3 51Gx) = < 00+ 3 sie(o) f(3) + 3 skgkr<x>>

k=1
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Theorem 1.
If (x* r r*) is the solution of IFJSP and 7} > 0, then (x*, r*/ rj) is a solution of IKTSP. Conversely,

7()’

if (x*,s*) is the solution of IKTSP, then (x*, 1,s%) is the solution of IFJSP.
Proof.
First, let (x* r r*) be a solution of IFJSP, then

100

n(x r r)<“lln (x* r r*)<min (xr r) r=:k=12,..,) R, >0,VxeT

'y o o 10

Now, by Lemma 1, four cases may arise:

Case — 1 :nc(x ,ro,r) (x*,rz,r*) nc(x rr

Case — 2 1. (x*, 75, 7) # me(x", 1), 7

oo )—7'C
Case — 3 :nc(x ,ro,r) = nﬁ(x*,rz,r*) #+ nc(x,r(*),r*
)=nm

Case — 4 1. (x*, 75, 7) = me (x*, 1), 1"

1" o0 o0’

Case-1 If 7, (x*, 7%, 7) # me(x", 75, 1%) # me (o, 75, 1),

b B Y0

then, nc(x r r) < nc(x* r r*) < nc(x r r*)

10 1700

1Le.,
rhfe(x®) + ZI: Fighe(XF) <rife(x*) + kZl:1 Figre (x") < rife(x) + kzl:1 7 gre(X)
ie.,
Se(x*) + é(rk/ré)gkc(f) < fe(x") +k§1:1 (re/78)gre(x*) < fu(x) +k§l:1 (4 /7 (x)
ie.,

Yo (x5 r /) < Yo (x5, 7 ) < Yo, /ry) e, W(x e /ry) <P (x e ) <M a (x, )
Case-2 Ifnc(x r r) #* nc(x rr ) = nc(x rir )

s Poo s or s o
then,

T, (x ,ro,r) <7tc(x*,rj,r*) and n,(x*,r;,r*) < nr(x,ro,r )

/
rofe(x” +Zrkgkc ) <rpfe(x") +
=

/ /
1i8re(x™) and rfi(x") + Y nge(x™) < rf (x) + Zr,’;gkr(x)
=1 k=1

1

i.e.,

M~

/
() + > (/s )gne ) <) + Y (ri/rh ) grex)
k=1

e
Il

1

and

—1—2 rk/r gir(x") < +Z rk/r Zir(x Smcer >O]

=
ie., l#c(x ,ri/r ) <t (x*,rf/rs) and . (x*, i /rs) < W, (x, 75 /7))
ie., lﬁ(x*,ri/}’;)gmm ( J 0) < r( */rZ)

Case-3 Ifnc(x ,ro,r) = né(x*,r:;,r*) =+ nc(x,ro,r )

then, similarly as Case-2, we have obtained v (x*, r;/r%) <™M (x*,rf/r) <™, (x, 7] /r}).
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Case4 If nc(x r r) —n'c(x rer ) :nc(x r r) then similarly as Case-1, we get

Vo (i) <UL (sr ) <G /)

ie., l,b(x*, ri/rz)gmintﬁ(x*, rl*/r:;) <miny, (x, rl*/rZ)
Hence, combining all the cases first part of the theorem is proved.
Conversely, let (x*,s*) be a solution of IKTSP.
Then,

Y(x*,s) <M (x", s ) <My (x,s%), s= (s k=1,2,....,]) e R/ Sk 2 >0, VxeT.

i
where = 1.F(x +Zska <1fC + Sk&re(X), Lfr(x +Zskgkr > =7n(x,1,s)
=1

Hence, 7(x* 7l,s) <ming(xt 1,5%) <Mn(x,1,s%), s= (s k=1,2,..,1) ER 5 >0, Vx € T.
This completes the proof.

5 Optimality Conditions of IMP
5.1 Sufficient Optimality of IMP

The sufficient optimality criterion has been derived without convexity assumption of the interval
minimization problem (IMP).

Theorem 2. If (x*,s*) is the solution of IKTSP, then x* is a solution of IMP. If (x*,
of IFJSP and s}, > 0, then x* is a solution of IMP.

Proof.
First Part.
Let (x*,s*) be a solution of IKTSP.
Then, Vs= (sp:k=1,2,....,0) ER 5 >0, Vx € T, Y(x*,s) <™ (x*,s*) <™M(x,s*). where
! ! !
Y(x,s) = (Ye(x,5), ¥, (x,5)) = F(x) + kZl sk G (x) = <fc(X) + 2 S8 (%), fr(x) + kzl Skgkr(X)>-

k=1

Dy ) is a solution

Then, by Lemma 1., four cases may arise.

Case-1. If Y. (x*,s) # ¥ (x*,s") # Y (x,5%),

!
then W, (x*,s) < Y. (x*,s%) < ¥ (x,5), Vx € T, s € R’ where, }.(x,s) = fo(x) + 3 sig(x). By the
k=1
Sufficient Optimality Criteria for real-valued objective function, we can say that f.(x*) < f.(x),

ie., F(x*)<mnF(x).
Case-2. If . (x, 5) # . (x",57) = . (x,57),
then W (x*, s) <y.(x*, s*) and ¥, (x*, s*) <, (x, s*), Vx € T, s € R".
Now, from first inequality, we have

/ /
)+ sk (X)) <L)+ > Sigre(x (1
k= fo=

1 1

= Z (sk —s,t)gkc(x*) <0 Vs >0,k=1,2,...,1

Now,forany j, 1 <j <[ letsy=s;,i=12,....7—1,j+1,...,m s =5+1
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Which gives g;.(x*) < 0. Repeating this Vk, we get gi.(x*) < 0.

Now, since, s; > 0, and gi.(x*) < 0, Zskgkc

But, again from (1) by setting s; = 0,we obtain

Jelx) <felx +Zskgkc

or, Zs,tgkc(x ) >
k=1

i
Hence, from (2) and (3), we have ) s;gk(x*) =0
k=1

Now, from ¥/ (x*,s*) = .(x,s%), we get

I I
(x") + Z 518k (X") = fe(x) + Z S &ke(X)
I !
o Jo(X") = fe(x) + 3 Qe (X [ Zs,ﬁgkc(x) = O] ,VxeT
k=1

k=1

which is possible only if s; = 0,Vk =1,2, ...,
So, in this case f;(x*) = f.(x).
Thus, from Y, (x*, u*) < ¥, (x,u*), we get

)+ Z S3 8 (x x) + Z 838 (X

ie., fi(x") gﬁ(x), [ s5; = 0]

Hence, F(x*)<™nF(x).
Case-3 If l/jc()@ u) = lpc(j@ 171) 7& ll’c(xa ﬁ)
then,

U, (0,5) < 9, (,57) and g, (7, 5%) <y, (x,57), Vx € T, 5 € R,
From . (x*,s5) = ¥ (x",s"),we get sy =0, Vk = 1,2,...,/
and from np (x*,s") Iy (x,s%), we get

)+ Zskgkc itfe(x") + Z Sk&ke(X), Vsi

= fo(x") + Zskgkc )tf.(x) + Zskgkc , for s = s,

= fe(x" )ltfc(x) [ s5p =0
ie., F(x*)<™nF(x)

[ and f(x) is constant function.

vol.38, no.3

@

3)
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Case-4. If . (x*,s) = ¢ (x*,5") = Y. (x,5%),

Then, ¥,.(x*,s) < Y, (x*,5") <Y, (x,s"), Vx e T, s = (s :k=1,2,....,0), 5 >0

Similar to case-1, we can say that F(x*) <™"F(x).

Combining all the cases, the proof of the first part completes.

Second Part. The proof of this part follows from Theorem 1. and First part of this theorem.

5.2 Extended Fritz-John Saddle-Point Optimality Theorem

Here, we have derived the conditions for which the solution of IMP will be necessarily the solution of
IFJSP. For this purpose, we have stated and proved Extended Fritz-John saddle point necessary optimality
theorem. Before stating the theorem, we have stated the following Lemma (Mangasarian [23]):

Lemma 2. Let 7(# ¢) C R". Also, let f1, /> and f3 be m;, my, m; dimensional convex vector-valued
function on T and g (k = 1,2, ...,1) be convex functions on 7.

If <f1(x)<0, £(x) <0, f(x) <0
a(x) <0, k=1,2,...,1

pLER™ py e R™ psecR™andg = (q :k=1,2,....,]) e R/
such that

> has no solution, x&7 then there exist

mi my m3 !
D piifix) + D paita(x) + D psifsi () + > qugi(x) > 0, ¥x € T and pui, par,p3i > 0
i=1 i=1 i=1 k=1

where f; = (}ji =12, my, = l,2,3),pj = (pj,- i=1,2, ...,mj)

Theorem 3. Let 7C R” be a non-empty convex set, / be interval-valued ¢-» convex function on 7 and
gr(k=1,2,...,1) be real-valued convex functions on 7. If x* is a solution of IMP, then
() (reRr=(rf:k=1,2,...,0),r5>0,r;>0) is a solution of IFJSP and

I

kX_Il r;8k(x") = 0, where F(x) = (fe(x),/r(x)).
Proof. Since x* is a solution of MP, then

F(x*) <™nF(x), Vx € T.

ie.,

cither, £:(x") <f6(x) if £i(x") # £i(x)

or, fr(x") <fu(x) if fo(x") = fe(x).

Now, two cases may arise:

Case-1.
If fo.(x*) # f.(x), then

Je(x) —fe(x*) <0 has no solution Vx € T.
<gk(x) <0, k=1,2, ...,l>
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By Lemma 2, there exist 7! € R, r = (1 k= 1,2,...,1) € R/, ry >0, rp > 0 such that

M\

rolfe(x) = fe(x")] +

rigr(x) >0VxeT.

=~
I

1

!
Now, putting x = x"in (4), we have Z rigr(x*) >0

But, since r; > 0, gx(x*) < 0, we havle,tgk(x*) <0
k71

Hence from (5) and (6), we have Z rigr(x*) =0

Again from (4), we have =

I
ralfe(x) = folad)] + Y rigr(x) 2 0
=1
I
or, rafld) < rofe(x) + Y ragi(x)

k=1

I !
or, rife(x") + Zr:gk(x*) < rf(x) + ergk(x)
k=1 k=1
As gi(x") <0, theankgk )<OVr=(r:k=1,2,....0) R, r, > 0.

! ! !
Hence, r,fe(x") + > rge(x") < rpfe(x™) + > rigi(x [ Z” 1 8k(x*) = 0]
k= k=1

1

Therefore, from (7) and (8), we obtain

PG + 2 rge(e) < PG + 2 rig () <)+ 3 g ()

k=1

Case-2. If f.(x*) = f.(x),

then
) SH) i fir) <) <) ,
ie., rifr(x*) + 2:: 0 <rif, (*)+k:lr20<r*r(x)+k§rk0

Combining both cases, we have obtained

!
ro{fe(x )+ Zrk ge(x'), 0) ™ () () + D ridge(x),0)

< (fe(x), 15 (%)) + ) ri{ge(x), 0)

Hence, the proof is complete.

vol.38, no.3
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5.3 Extended Kuhn-Tucker Saddle-Point Optimality Theorem

Here, we have derived the necessary conditions (Extended Kuhn-Tucker saddle point optimality) for
which the solution of (IMP) will be necessarily the solution of (IKTSP). Before stating this theorem, we
have first stated Karlin’s constraint qualification which will be required as a hypothesis of this theorem:

Karlin’s Type Constraint Qualification

Let 7 C R" be non-empty convex set and g = (g; : k = 1,2, ...,/) I-dimensional convex vector-valued
function on 7. Then, g is said to satisfy constraint qualification of Karlin (on7) if there exists no

peRl,p:(pk:k:I,2,...,l) pr > 0 such that Epkgk( )>0,VxeT.

Theorem 4. Let T be convex set in R”, F(x) = (f.(x),f-(x)) be interval-valued c-r convex function
defined on 7 and g = (gr: k =1,2,...,1) be vector-valued function which satisfies Karlin’s constraints
qualification on 7. If x* is the solution of IMP, then (x*,s*) (Sjj ER, s= (s, :hk=1,2,...,1),
st >0, ;> 0) is a solution of IKTSP.

Proof. Since g=(gr:k=1,2,...,]) satisfies the constraint qualification of Karlin,

I
there exists no p € R', p = (p : k= 1,2,...1), p; > 0 such that 3 prgi(x) > 0, Vx € T.
k=1

Also, since x* is a solution of MP,
F(x*)<"nF(x), Vx € T.
e, folx) <folx) if £o(x°) A L(3)
Jr(&7) < Je(x) i fo(x™) = fe(x).
Here, two cases may arise:

Case-1.

if fo(x") £ £(x), then
Sfe(x) = fo(x*) <0 has no solution Vx € T.
<gk(x)<0, k= 1,2,...,l>

Then, there exist r; € R, r = (ry 1k =1,2,...,1) € R/, ry >0, r; > 0 such that
I
ralfe(x N+ D> re(x) >0VxeT. 9)
k=1

Similar to Case-1 of Theorem 3, we obtain
i
Zr:gk(x*) =0 and
k=

(s +Z’”kgk ) < rfelx” +Zrkgl*<rafc +Zr,gl

(10)

Let ;, = 0, then r; > 0, [from (9)]
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Now, from the second inequality of (10) we get

which is a contradiction (According to Karlin’s constraint qualification). Hence, 7, > 0.

Now, from (10), we have

! / I
)+ rk/r gr(x )+ rk/r gr(x) <felx) + rk/r gr(x
= =1 =1
I ! I
ie, fo(X)+ ) sigr(x fexX)+ ) spgr(x” x)+ Y spgr(x), where s = ry/r)
=1 k =

—_

Case-2. If f.(x*) = fo(x),

then

Jr(&) <Jr(x) des fr(x7) <) < ()

!
ie., fi(x +Zsk0<ﬁ +Zsk0<ﬁ) PAC
k=1

Combining both cases, we have

/
(f +Zsk <m1n<f +ZS

=1 k=1
!
<) S0) + sk (x).0)
k=1

Hence, the proof is completed.

6 Numerical Example

To illustrate the saddle point optimality criteria, we have considered the following simple example:
Findx € X = {x e R: —x + 3 <0}, such that f(x) = anegr(lf(x),
wheref'(x) = [—(x2 + 1),3x2 +1]

Solution. f;(x) = x> # constant. Hence, minimizers of f.and f are the same.

Clearly, x = 3 is the minimizer of f.(x), and so that of f(x).
Therefore, the minimum value of f(x)is [—10, 28]
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Now, the saddle point optimality criterion for this problem is that:

A necessary and sufficient condition that X = 3 is that there exists a real number # such that
(X, u) <™ (%, u)<™"p(x,u),Vx ER and Vu € R, u >0 (11)
where ¢(x,u) = [—(x* + 1),3x> + 1] +u(—x +3)

Clearly, forx =3, u = 6, ¢p(x,u) = ¢p(x,u) and ¢ (x,u) < ¢.(x,u),
then, interval inequality (11) holds for x = 3, u
Hence, ¢(x,u) has saddle point at x = 3, u = 6.

7 Conclusion

In this paper, the derived saddle point (Fritz-John & Kuhn-Tucker) optimality criteria of interval-valued
non-linear programming are called Extended Fritz-John and Extended Kuhn-Tucker saddle point criteria.
Furthermore, we have shown that the Extended saddle point criteria are the sufficient conditions, so the
point X € X is the minimizer of the IMP. After considering all constraints of the IMP as real-valued
convex functions and Karlin’s constraint qualification, we illustrated that Extended Fritz-John and
Extended Kuhn-Tucker Type saddle point criteria are also necessary conditions. For these purposes, the
paper has introduced the definition of the minimizer, convexity of an interval-valued function, as well as
Interval-valued Fritz-John and Interval-valued Kuhn-Tucker saddle point problems. Here, all the results
have been established without differentiability assumptions of the objective function and constraints.
Thus, these saddle point optimality criteria are called optimality criteria without differentiability. The
concepts of this work will help to solve imprecise real-life problems like inventory control, supply chain
management, problems of game theory,... etc.

For future work, one may attempt to establish the duality theory of IMP, saddle point optimality criteria
of an interval optimization problem with several objective functions. One may also attempt to extend the
concept of this paper in fuzzy, Type-2 fuzzy, and Type-2 interval environment [24].
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