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ABSTRACT: Background: Social media addiction, one of the behavioural addictions, is a significant predictor of job
performance. It has also been posited that individuals whose fundamental requirements (e.g., sleep) are not sufficiently
met and who lack adequate support (e.g., perceived social support) are incapable of effectively harnessing their potential.
The primary objective of this study is to examine the mediating effects of sleep disorder and perceived social support on
the relationship between social media addiction and job performance. Furthermore, it seeks to explore the moderating
effects of perceived social support on sleep disorders and job performance. Methods: The data were collected through
the questionnaire method, and data analysis was performed using SPSS 26.0. Moreover, statistical analysis encompasses
correlation analysis, mediation, and moderation analysis. The data were gathered from 488 healthcare professionals
(57.2% female), whose ages ranged from 24 to 56 years (Meanage ± SD = 37.86 ± 6.71), using a convenience sample
approach. Results: The results revealed significant relationships between social media addiction, job performance,
perceived social support, and sleep disorder. The findings indicate that social media addiction negatively predicts
job performance (β = −0.11, p < 0.05). Sleep disorder (effect size = −0.02, 95% CI = [−0.04, −0.00]) and perceived
social support (effect size = −0.01, 95% CI = [−0.02, −0.00]) mediate this relationship. Furthermore, perceived social
support moderates the pathway between sleep disorder and job performance (index of moderated mediation: −0.0040,
95% CI = [−0.0070, −0.0010]). Conclusions: This study suggests that social media addiction negatively affects job
performance through sleep disorders and perceived social support among healthcare professionals. The study’s findings
are significant, as they suggest that treatments aimed at alleviating sleep disorders and enhancing perceived social
support among medical workers may improve their job performance.
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1 Introduction
People have basic needs, such as the desire to belong and establish relationships. Interpersonal com-

munication plays a key role in meeting these needs [1]. Due to the rapid development of information
technologies, particularly social media platforms on the internet (e.g., Twitter and Instagram), interpersonal
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communication has undergone significant changes over the past few years [2]. Social media tools have
become increasingly popular, leading to more research regarding the possibility of excessive and addictive
usage [3,4]. Moreover, many mobile devices are used regularly, and the ability to access social network tools
has become a norm, available anywhere and at any time [5]. It thus leads to some individuals overusing social
media to the point of developing addiction symptoms [6,7].

Social media addiction is related to a range of emotional, performance, and health problems [8,9]. It can
reduce individuals’ real-life social interactions. Research indicates that excessive social media use can reduce
face-to-face communication, negatively impacting individuals’ social skills [4]. Social media platforms offer
numerous applications to their users due to the content they provide and the opportunities they offer [10].
Additionally, the speed of these platforms and the abundance of content prompt users to stay updated on
social media developments [11]. Therefore, it creates pressure and stress on social media users [12].

Social media platforms are frequently used by healthcare professionals [13]. Individuals in this pro-
fession often use social media for relaxation or as a distraction from their critical duties in the healthcare
sector [13,14]. Using social media problematically may lead to social media addiction, which can be linked to
depression, stress, anxiety, or sleep problems [15]. Moreover, social media platforms may lead individuals to
constantly compare themselves with others, resulting in constant unhappiness and dissatisfaction [16,17]. As
a result, social media addiction affects individuals’ psychological health and well-being [18]. These negative
consequences harm these individuals’ social and professional lives, who are in a critical period to fulfil various
roles and duties (e.g., job performance or career-related duties) [19].

The extent to which people contribute to the needs of the organization in which they work determines
their performance. When employees use social media platforms inappropriately, they cannot adequately
meet the organization’s expectations. Additionally, social media usage can lead to distractions for users,
potentially impacting their work performance. Social media platforms can potentially distract individuals by
stimulating them via messages and notifications [11]. Allowing unrestricted access to platforms like Facebook
during work hours has been associated with a measurable decline in organizational productivity, estimated
at around 1.5% [20]. Similarly, another study reported that the productivity and engagement of employees
are hindered by social media addiction [21]. A further potential problem caused by excessive use is social
isolation, which often contributes to depression, anxiety, and sleep disorders. Furthermore, the Conservation
of Resources Theory (COR) emphasizes that individuals strive to maintain their values even in stressful
environments (e.g., hospitals) [22]. It also suggests that they are encouraged to accumulate resources that will
help them manage stress and secure their well-being [22]. This may lead them to use social media platforms
excessively and in a problematic manner.

Social media addiction-related problems (e.g., attention disorder, insomnia, and depression) have
devastating effects on job performance [15]. Several studies reported that diminished focus and sleep
disorders occur when people use social media problematically [23,24]. Sleep disorders and insufficient
sleep duration result in individuals working drowsily during the day [25]. Research indicates that social
media addiction disrupts sleep patterns and may result in adverse consequences such as impairments in
interpersonal relationships, deficiencies in self-care skills, and increased loneliness [26,27]. Individuals with
social media addiction often encounter considerable anxiety regarding the potential to miss important
updates or events on these platforms. This encourages them to depend on social media sources consistently.
Despite the late hours, this instinct may lead them to prioritize social media platforms over getting enough
sleep. This can create significant problems with sleep duration, sleep onset, and quality, reducing the well-
being of social media addicts [27]. Moreover, daytime sleepiness also affects employee performance. A study
reported that social media addiction has a negative effect on sleep efficiency [28]. An analysis of a large
sample of U.S. adults revealed that those with six or seven hours of sleep duration were likelier to have a fair or
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poor self-rated health status [25]. Consequently, being distracted from the task harms job performance [29].
Young adults and professionals in a variety of industries are particularly affected by social media addiction,
which adversely impacts sleep quality and mental health.

It is common for healthcare workers to engage in rigorous work and must carry out complex duties
with great meticulousness. Their performance at work will likely be significantly impaired by their family
responsibilities and other potential distractions [23]. As a result, their perception of social support has a
significant impact on their work performance [30]. When individuals with challenging work environments
(e.g., similar to employees in healthcare) lack sufficient resilience and coping skills, they are more likely to
suffer adverse mental and psychological consequences [31]. Similarly, empirical study results showed that
social media addiction negatively affects people’s job performance [32]. Similarly, another study indicated
that using social media in the workplace has a detrimental effect on job performance [33]. People have also
been shown to maintain emotional balance in the face of threats and stressful events when they receive
support from peers, colleagues, friends, and family members [34]. Individuals can resolve conflicts and
balance their personal and professional lives by receiving this support [23]. Social support is a crucial factor
in buffering and mitigating the effects of negative life events, thereby enhancing individuals’ psychological
well-being and mental health outcomes [31,34]. Similarly, social media addiction has a negative relationship
with perceived social support. Moreover, perceived social support was one of the predictors of social media
addiction [35] and a variety of well-being and mental health outcomes [36–38]. Healthcare professionals
often struggle to dedicate enough time to their families due to high job performance expectations, long
hours, lack of sleep, rest, and heavy workloads [39]. Additionally, using social media to meet their social
needs increases the risk of addiction [40]. Therefore, this study was conducted because it identifies them as a
high-risk group. Based on the theoretical and empirical evidence, this study aims to examine the mediating
effects of perceived social support and sleep disorder on the relationship between social media addiction
and job performance. Based on this aim, the following hypotheses are proposed: (Hypothesis 1) Social media
addiction predicts job performance; (Hypothesis 2) Perceived social support and sleep disorder would have
a mediating effect in the association between social media addiction and job performance; and (Hypothesis
3) Perceived social support would moderate the effect of sleep disorder on job performance (Fig. 1).

Figure 1: Structure of the proposed model
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2 Methods

2.1 Participants
Participants comprised 488 Turkish healthcare professionals recruited through a convenience sampling

method (57.2% female). Their ages ranged from 24 to 56, with an average age of 37.86 (standard deviation [SD]
= 6.71). Over three-quarters of the sample comprises married individuals (i.e., 375). Out of the participants,
102 (20.9%) were doctors, 239 (49.0%) were nurses, and 147 (30.1%) were other healthcare personnel (e.g.,
patient caregivers, anaesthetic technicians, and paramedics). 41 (8.4%) individuals worked fewer than 6 h
per day, 327 (67.0%) worked 6–9 h, 68 (13.9%) worked 9 > –12 h, and 52 (10.7%) worked more than 12 h.
The number of participants who stated that they use social media hourly is 216 (44.3%), while the number
of participants who stated that they use social media many times each day is 242 (49.6%). 422 respondents
indicated that they use one device to access social media platforms, with a mean of 1.15. Healthcare workers
aged 18 or older who volunteered to participate and met the inclusion criteria, including being a healthcare
professional, were eligible. Those who participated in the research were queried regarding their voluntary
willingness to participate. Individuals who declared themselves to have not voluntarily participated in the
study were not allowed to participate.

2.2 Power Analysis
The power analysis was conducted to effectively and powerfully emphasise the associations between

the predictor and the predicted variable. To calculate the required sample size, the G*Power (version 3.1.9.7)
package program was used for the analysis. As a result, “r = 0.20” has been determined as a small effect size.
Moreover, the significance level is defined as 0.05, and the power is 0.80 [41]. According to the analysis results,
a total of 395 samples were required. Once an adequate number of samples was reached, the same analysis was
performed as a post-hoc method under the same conditions. The sample size of the research was determined
to have a power of 0.88 (1−β error probe), and with an observed effect size of f 2

= 0.11 (corresponding to R2

= 0.10). As indicated by the findings of this study, the sample had sufficient power to conduct the analysis.

2.3 Measures
The Brief Perceived Social Support Questionnaire (BPSSQ) was used to assess perceived social support.

English version [42] and the scale was previously validated in Turkish; the Turkish adaptation of BPSSQ [43].
The scale has 6 items. There is a range of 1 (not true at all) to 5 (very true) (e.g., “There are always friends
and neighbours who are willing to lend me items when I need them”, or “Several people I know enjoy doing
things together”.). Increasing scores indicate an increase in perceived social support. Cronbach’s α was found
to be 0.79. McDonald’s ω was 0.80 in the present study.

Bergen Social Media Addiction Scale (BSMAS) was used to assess social media addiction. English
version [44] and the scale was previously validated in Turkish [45]. The BSMAS has 6 items that are scored
on a five-point Likert scale ranging from 1 (rarely) to 5 (very often) (e.g., “When you had a personal issue, did
you use social media to get it out?” and “If you could not access social media, would you feel uncomfortable and
upset?”). A higher score indicates a greater degree of social media addiction. Cronbach’s α and McDonald’s
ω were found to be 0.83 in the current study.

Job Performance Scale-4 items JPS- was used to assess participants’ job performance (e.g., “I am
confident that I have more than reached the standards in the quality of service I offer” or “When a problem
comes up, I find a solution in the fastest way possible”) ranging from 1 (not suitable for me) to 5 (totally
suitable for me). English version [46] and the scale was previously validated in Turkish [47]. A higher score
means greater job performance. The present study’s Cronbach’s α was 0.81, and McDonald’s ω was also 0.81.
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Sleep Disorder Scale (SDS) [48]. The SDS, originally developed for use in Turkish culture, was employed
to assess the level of sleep disorder. The scale consisted of 8 items ranging from 1 (never) to 5 (every time)
(e.g., “I had trouble falling asleep” or “I had a restful sleep”). The higher the score on the scale, the greater the
sleep disorder. Cronbach’s α was 0.87, and McDonald’s ω was 0.87.

2.4 Procedures and Ethics
The Ethics Committee supervised all stages of the research. The Ağrı Ibrahim Cecen University’s ethics

committee approved the study (Number: E.86893). The recruitment period took place from 01 January 2024
to 31 January 2024. Data was collected through an online survey. The four instructions were included in the
survey to measure participants’ attention and detect inattentive responses. which would adversely affect the
study results. “Please mark ‘2’ on these instructions”. The online survey provided participants with an overview
of the study’s objectives. A text/email invitation was sent to healthcare workers from various hospitals in
Turkey, detailing the study and including an informed consent form. This document outlines the purposes
and duration of the study, as well as the promises of anonymity and confidentiality, and includes an invitation
to participate voluntarily. Furthermore, it is specified that each participant is only allowed to complete one
survey. The distribution of the questionnaires commenced solely after the participants’ informed consent was
acquired. The participants were explicitly told that they could withdraw from the study at any stage if they did
not wish to complete the questionnaires or experienced any discomfort. To alleviate potential distrust issues
that may arise during the scale response process, participants have been advised to refrain from providing
any identifiable data on the online form. Ensuring the confidentiality and anonymity of the responses was
the highest priority. We adhered to the Declaration of Helsinki throughout the study.

2.5 Data Analysis
Initially, 630 participants were invited to participate in the study. However, only 524 completed the

questionnaires completely (attrition rate: 16.83%). To eliminate outliers from the sample, the Mahalanobis
distance was calculated, and it was determined that 16 individuals should be removed from the sample.
Mahalanobis distance is frequently used to identify outliers. Twenty participants who provided incorrect
responses to these questions were excluded from the study. After removing incorrect answers and outliers
from the study, analyses were started with 488 participants. Normality was tested through skewness and
kurtosis statistics. Variance inflation factors (VIFs) were used to test the assumptions of multicollinearity.
Following these preliminary assumptions, Model 4 with the PROCESS macro was utilized to determine
whether or not there is a mediation effect [49]. The mediation model used to determine if sleep disorders and
perceived social support mediated the association between social media addiction and job performance. In
order to detect moderation effect (to test Hypothesis 3), we utilized Model 14 using the PROCESS macro to
carry out moderated mediation or conditional process analysis. The indirect effects of the proposed model
were explained using a 95% confidence interval. A bias-corrected bootstrapping approach was employed to
determine whether indirect effects were statistically significant. The bootstrap threshold was set at 5000. SPSS
26.0 (IBM Corp., Armonk, NY, USA) was used to analyze all the data. The parallel mediation and moderated
mediation analyses were computed using the PROCESS macro for SPSS.

3 Results

3.1 Descriptive Statistics and Correlation Analysis
Table 1 presents descriptive statistics and correlation coefficients for the variables. There was no

indication that the normality assumption had been violated, as both skewness and kurtosis were under the
recommended threshold value of 2. Correlation analysis revealed that job performance was associated with
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perceived social support, while being significantly negatively associated with social media addiction and
sleep disorder. The study’s findings revealed that all variables were either low or moderately associated.

Table 1: The correlations between the variables and descriptive statistics (N = 488)

Variables 1 2 3 4
1. Perceived social support –

2. Sleep disorder −0.19** –
3. Social media addiction −0.14** 0.32** –

4. Job performance 0.21** −0.20** −0.28** –

Mean 21.47 23.69 16.53 14.23
Standard Deviation (SD) 5.06 6.50 5.73 2.92

Skewness −0.54 0.18 0.18 −0.22
Kurtosis −0.16 0.01 −0.51 0.12

Note: **p < 0.01.

3.2 Mediation Analysis
Parallel mediation analysis was conducted to determine whether perceived social support and sleep

disorder have a parallel mediating role in the association between job performance and social media
addiction. A direct effect of social media addiction on job performance (total effect, β = −0.14, p < 0.001, 95%
CI = [−0.19, −0.10]) has been found. The results confirmed Hypothesis 1. Moreover, social media addiction
was found to be a negative predictor of perceived social support (β = −0.12, p < 0.05, 95% CI = [−0.20,
−0.05]). Social media addiction was also a positive predictor of sleep disorder (β = 0.36, p < 0.001, 95%
CI = [0.26,0.46]). Results showed that the data were eligible for mediation analysis. Thus, mediators (i.e.,
perceived social support and sleep disorder) were included in the model simultaneously. The results revealed
that the coefficient of regression was significant (indirect effect, β =−0.03, p < 0.001, 95% CI = [−0.05,−0.01]).
According to the result, Hypothesis 1 and Hypothesis 2 have been confirmed (see Table 2 and Fig. 2).

Table 2: Parallel mediation analysis results

Path Coefficient 95% CI

LLCI ULCI
Social Media Addiction→ Sleep Disorder→

Job Performance
−0.02 −0.04 −0.00

Social Media Addiction→ Perceived Social
Support→ Job Performance

−0.01 −0.02 −0.00

Total effect −0.14 −0.19 −0.10
Direct effect −0.11 −0.17 −0.07

Total indirect effect −0.03 −0.05 −0.01

Bootstrapped
standardized indirect

effect

Boot SE Boot
LLCI

Boot
ULCI

Bootstrap result for the standardized indirect
effect of Sleep Disorder

−0.03 0.02 −0.10 −0.02

(Continued)
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Table 2 (continued)

Path Coefficient 95% CI

LLCI ULCI
Bootstrap result for standardized indirect

effect Perceived Social Support
−0.02 0.01 −0.07 −0.01

Note: Bootstrap sample size = 5000; CI, Confidence Interval; LLCI, Lower Limit of the Confidence Interval; ULCI,
Upper Limit of the Confidence Interval; SE, Standard Error.

Figure 2: The proposed model presents parallel mediation. *p < 0.05, **p < 0.01, ***p < 0.001

3.3 Moderated Mediational Analysis—Modeling Data
The moderated mediation analysis was conducted to investigate whether perceived social support

mediated the effect of sleep disorder on job performance. Perceived social support moderated the mediating
effect of sleep disorder in this association. In the moderated mediation model, sleep disorder and perceived
social support serve as both mediators and moderators. The moderator alters the strength of the association
between two variables simultaneously. Upon examining Table 3, it is found that the results are consistent with
Hypothesis 3. Perceived social support significantly affected the association between sleep disorder and job
performance (interaction = 0.01, p < 0.001). Additionally, the Index of moderated mediation was significant
(Coefficient = −0.0040, 95% CI = [−0.0070, −0.0010]) (Fig. 3).

Table 3: Moderated mediational analyses

Antecedent Y (Job Performance)

Coeff. SE p
X (Social media addiction) −0.11 0.02 <0.001

M (Sleep disorder) 0.19 0.09 <0.05

(Continued)
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Table 3 (continued)

Antecedent Y (Job Performance)

Coeff. SE p
W (Perceived social support) 0.37 0.10 <0.001

M ∗W −0.01 0.00 <0.001
Constant 9.18 2.30 <0.001

R2
= 0.37; ΔR2

= 0.14
F = 19.24; p < 0.001

M (Sleep disorder)

Coeff. SE p

X (Social media addiction) −0.36 0.05 <0.001

Conditional indirect effect(s) of perceived social support

Bootstrapped
indirect effect

Boot SE Boot LLCI Boot LLCI

–1 SD 0.01 0.03 −0.05 0.07
M −0.04 0.00 −0.09 −0.00
+1 SD −0.10 0.03 −0.15 −0.05

Index of moderated mediation

Index Boot SE Boot LLCI Boot LLCI

Perceived social support −0.0040 0.0015 −0.0070 −0.0010

Note: Coeff., Coefficient; Boot, Bootstrap; SE, Standard Error; LLCI, Lower Limit of the Confidence Interval; ULCI,
Upper Limit of the Confidence Interval.

Figure 3: Proposed model presenting the moderation effect
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4 Discussion
The present study sought to explore the mediating effects of sleep disorder and perceived social support

between social media addiction and job performance. As a result of the findings, it was demonstrated that
social media addiction predicted job performance and social support, and positively predicted sleep disorder.
These findings supported Hypothesis 1. The results are consistent with previous research showing negative
associations between social media addiction and job performance [50,51]. Using social media at work has
been the subject of numerous studies, with negative results [50,52]. A common criticism raised against social
media in the workplace is that it has the potential to decrease employee performance while simultaneously
creating an environment of unease, tension, and emotional weariness [50,53]. In support of this, a study
found that using social media addiction in the workplace had a significant impact on employees’ mental and
physical health, resulting in eye strain and back pain. It also causes dissatisfaction, superficiality, and jealousy
in bilateral relationships [54]. Employee performance was shown to be adversely affected by smartphone
addiction in a recent study focused on healthcare workers [55]. Another study reported that using social
media triggers the emergence of technostress in employees and negatively affects task performance [56].
The findings of these studies show that there is a strong relationship between social media addiction and
decreased job performance.

The present study has examined the path coefficients between social media addiction and job per-
formance in healthcare workers. Even after social support and sleep disorder were added to the model
simultaneously. The path coefficients were still found to be significant, showing the parallel mediating effects
of perceived social support and sleep disorder. According to the result, Hypothesis 2 was confirmed. A
study showed that prolonged use of social media is detrimental to an individual’s sleep quality [57]. A
study found that people who are addicted to social media may have a decline in their performance at
work [50]. Furthermore, Yazdi et al. [58] reported that sleep disorders negatively impact work performance.
Distraction-Conflict Theory suggests that when attention is divided, it induces a form of internal conflict,
which may lead to stress and hinder optimal performance [59]. Social media platforms often send users
frequent notifications, which can distract them and make them feel like they are constantly missing out. As
a result, long-term exposure to these notifications can raise a person’s stress levels [60]. Moreover, studies
have demonstrated that excessive use of social media negatively impacts sleep quality. Social media addiction
also may lead to depression, anxiety, and low self-esteem [60,61]. As a result, the individual may feel isolated
and receive less support from others. Mecha et al. [62] reported that people’s perception of social support
decreases when they are experiencing adverse conditions (e.g., depression, anxiety, and stress). Similarly,
Nazari et al. [63] found that perceptions of social support correlated with job performance among hospital
nurses. In addition, employees with higher perceived social support performed better and were more engaged
at work [64]. Research results have shown that social media addiction can result in sleep disorders, thus
reducing the level of support that users receive from their social network, which negatively impacts their
job performance.

The study has found that perceived social support moderated the mediating effect of sleep disorder
on the relationship between social media addiction and job performance. The result supported Hypothesis
3. The findings suggest that a healthcare professional with increased levels of social media addiction,
sleep disorders, and poor social support is more likely to perform less effectively at work. As a result,
communication problems can arise at work, efficiency and productivity can be reduced, and relationships
can be negatively affected. Negative emotions may also be triggered by these conditions (for instance, stress
and anxiety) [65]. COR posits that individuals inherently tend to preserve and augment their resources, such
as energy, time, and social support, particularly when experiencing stress [66]. Social media addiction leads
users to repeatedly use social media, which drains their resources and results in feelings of burnout [51].
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Experiencing burnout can lead to less tolerance for social interactions, thereby contributing to the deterio-
ration of interpersonal relationships and a reduction in perceived social support [67]. Several studies have
shown that social support similarly influences sleep quality, supporting these findings [68,69]. Perceived
social support as a preventative mechanism may mitigate the impact of poor sleep quality and psychological
distress based on Zhang et al.’s [70] findings. Another study reported that as social support increases, sleep
quality also increases. In addition, social support is negatively associated with irritability, sleep quality, and
loneliness [71]. These unfavorable conditions can reduce employees’ focus and productivity [44]. As a result,
high levels of perceived social support and low levels of sleep disorder may help people deal with irritating
situations (e.g., work stress and social isolation) and encourage greater productivity among healthcare
workers. Taken together, the study’s findings indicate that higher levels of social support and lower levels
of sleep disorder improve an employee’s efficiency. Therefore, perceived social support might moderate the
mediating effect of sleep disorder on the association of social media addiction and job performance.

4.1 Limitations
This study provides insight into the relationship between social media addiction, job performance,

perceived social support, and sleep disorder. However, this study has limitations, as with all research. The
study employed a cross-sectional design. Therefore, detecting causality between variables gets increasingly
difficult. To address this problem, researchers should look at long-term investigations that influence the
results. Future research investigating the associations between variables could employ a variety of designs,
incorporating both qualitative and quantitative approaches. One further limitation of this study is that
it utilizes self-reported measures to gather data. Furthermore, confounding variables may have impacted
the data due to demographic factors, including gender, years of employment, and age. While evaluating
the data gathered, it is important to consider these demographic factors. Furthermore, applying the study
results to all healthcare professionals poses a challenge. Furthermore, the study was conducted with
healthcare professionals, and it is important to acknowledge the potential for social desirability bias. In future
studies, researchers should recruit healthcare personnel more representative of the population in terms of
demographic variables. Future studies should also address this limitation by employing evaluation methods
that may include third parties to minimize social desirability bias.

4.2 Practical Implications
The current study greatly extends our understanding of the association between social media addiction

and job performance by demonstrating the mediating effect of sleep disorder and social support. The
performance of healthcare workers in the workplace is significantly influenced by their perception of social
support and sleep disorders [72,73]. Because healthcare is inherently demanding and stressful, inadequate
sleep and a lack of social support may significantly compromise both physical and mental well-being.
This, in turn, can adversely affect job performance and the quality of patient care. An increase has been
found in sleep disorders and decreased job performance due to social media addiction. Sleep disorders
and job performance were associated with higher levels of social media addiction and lower levels of social
support. Therefore, it is essential to implement targeted interventions that enhance sleep quality and create
supportive work environments. Healthcare facilities and hospital employees require specialized training
programs. Organizational policies should prioritize flexible scheduling, stress management, and peer support
to mitigate sleep disturbances and enhance social connectedness. Additionally, healthcare institutions can
consider incorporating sleep quality and social support evaluations into their employee health assessments.
This approach allows them to more effectively identify individuals who may require additional assistance
and tailor support efforts to meet their specific needs.
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5 Conclusions
The present study revealed that several factors, both positive and negative, such as social media

addiction, social support, and sleep disorder, had significant roles in determining job performance among
healthcare workers. Due to their higher likelihood of experiencing sleep deprivation, those who work night
shifts in the healthcare sector may face a higher degree of risk. Nevertheless, healthcare professionals working
in departments with a low workload might increase the duration of their social media platforms. Hence, they
may have the potential to develop an addiction to social media. Furthermore, employees who are compelled
to work long hours and are moving from their social environment may encounter substantial declines in
their work productivity. Social media platforms can potentially serve as a way for individuals to obtain the
social support they desire. The results imply that increasing social support and decreasing sleep disorder may
help with low job performance. Ultimately, professionals and hospital management in the health industry
can utilize these buffering aspects to enhance their intervention programs to mitigate the impact of social
media addiction on job performance.
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Glossary
BSMAS Bergen Social Media Addiction Scale
DCT Distraction-Conflict Theory
COR Conservation of Resources Theory
JPS Job Performance Scale
SDS Sleep Disorder Scale
SPSS Statistical Package for the Social Sciences
CI Confidence Interval
SD Standard Deviation
SE Standard Error
LLCI Lower Limit Confidence Interval
ULCI Upper Limit Confidence Interval
β Beta coefficient (used in regression analysis)
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R2 Coefficient of determination (explained variance)
ΔR2 Change in R-squared
F F-statistic (used in ANOVA and regression analysis)
p p-value (statistical significance level)
N Sample size
ORCID Open Researcher and Contributor ID
G*Power Statistical software for power analysis
PROCESS macro Add-on tool for SPSS used for mediation and moderation analysis
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